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here we exist in space guides whom we know and with whom we build families, 

influences our health, and determines whether and where we move. Demographers’ 

history of “putting people in place,” as Barbara Entwisle convincingly argues, makes us 

particularly well-suited not only to examine the influence of spatial relationships on fertility, 

mortality and migration, but also social outcomes that occur in between those events.1 In this 

position statement I contend that two problems persist in our research on the topic that must be 

addressed in order to improve the state of research investigating spatial inequality: 1) deter-

mining whether contextual or compositional forces perpetuate spatial inequality and 2) the need 

for cost-efficient data collection tools adaptable to large surveys. Although both are typically 

treated as methodological, I argue below that the first is a theoretical problem for which 

demographers possess the necessary tools but insufficient theoretical orientation. I propose that 

we devote more research to developing how compositional forces perpetuate spatial inequality 

and briefly describe tools to address the second. 

 

Compositional Influences on Spatial Inequality 

Studies of “neighborhood effects” originated as a line of research to investigate spatially 

unequal patterns of social and economic outcomes. Researchers substantially narrowed their to 

focus to the methodological problem of identifying a causal effect of neighborhood exposures, 

usually by controlling away the selection problem of residential mobility, 2–4 and lost their more 

general devotion to explaining patterns of spatial inequality. Despite immense concern 

regarding the selection problem in neighborhood research, very few studies actually examine 

processes of residential mobility that lead to that problem in the first place. In place of study, 

researchers take for granted that extant patterns of residential segregation and neoclassical real 

estate market dynamics drive residential sorting. I present three ways in which I see these 

assumptions misleading the field and make a case for devoting increased study to forces that 

lead residents to live in their neighborhoods to partially explain spatial inequality. 
 
Neighborhood knowledge and experience 

Critics of neighborhood effects research, as well as most demographers investigating residential 

mobility, assume that residents are sorted into neighborhoods based on an efficient real estate 

market with some acknowledgement of externalities due to discrimination. Such an assumption 

does not account for the fact that residents lack complete knowledge of communities in the 

metropolitan area, a fact that might have considerable consequences as we investigate 

residential segregation and spatial sorting. For instance, Maria Krysan and I show that race 
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significantly influences the knowledge metropolitan Chicago residents have of other 

communities in the metropolitan area.5 These “racial blind spots”—or knowledge externalities in 

economics terms—might lead to differential residential and commercial investment that would 

lead to a decline in local amenities supporting salutary outcomes. Other externalities in the real 

estate market might emerge from the different experience of communities within metropolitan 

areas across racial/ethnic and economic groups, both at a personal level and through social 

networks of strong and weak ties that could pass along information. Demographic researchers 

interested in spatial inequality should increase the use of survey instruments that measure 

neighborhood knowledge and experience rather than assume residents possess perfect 

knowledge of the residential market. 
 
Population-level avoidance versus individual-level selection 

Research on spatial inequality focuses on residential “selection” as the primary obstacle to 

overcome in order to make causal inferences. This requires not solely knowing where residents 

move, but also how they make decisions about where to move. Based on the types of 

knowledge and experience I note above, residents form perceptions of neighborhoods that 

create schemas regarding the places they see as viable locations to move. In initial studies of 

these schemas, we ask residents about actual communities in their metropolitan area and we 

find that the prevalence of communities respondents avoid (i.e., would never consider) to be 

much higher than those they might select.5 We also find that race dramatically influences these 

schema such that predominantly African American communities become places where very few 

residents would consider moving. While the difference between selection and avoidance might 

solely appear semantic (since avoiding means not selecting), the conceptual difference carries 

substantial consequences since residents act on these schemas in ways that direct flows of 

resources.6 Furthermore, if population avoidance subsumes individual selection, then this calls 

into question intervention policies that advocate individual-level residential mobility. Given the 

larger magnitude of population-level avoidance in comparison to individual-level selections, 

spatial demographers must devote greater resources to explaining the social psychological 

perception of spaces and their consequences in their research of spatial inequality. 
 
Demographic contributions to neighborhood composition 

Finally, common among most neighborhood researchers is the notion that residential mobility 

alone creates neighborhood compositions, particularly neighborhood racial compositions. In 

part, this is because “white flight” continues to be a powerful image to describe institutional 

consequences of racism. Yet, considering residential mobility as the sole process creating 

neighborhood change neglects demographic forces that change neighborhoods: one born into 

a neighborhood or dying out of a neighborhood also change the compositional forces. In 

addition, the age-specific nature of many social and economic forces mean that only a portion of 

the residents—who might look different from the overall composition of neighborhoods—are at 

risk of a social or economic event, state, or behavior.  Spatial demography must re-incorporate 
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demographic processes into compositional explanations of neighborhood processes and define 

at-risk populations appropriately for age-specific outcomes. 
 
Cost-efficient Contextual Data for Large-Scale Studies 

Any assessment of spatial influences on individual or collective outcomes, whether 

compositional or contextual, requires valid and reliable methods to acquire data that are 

theoretically relevant to the outcome under investigation. Despite substantial progress on the 

question from methods such as systematic social observation (or, neighborhood audits) and the 

use of “non-routine” data sources for analysis, at least two challenges remain. First, the costs for 

collecting this data render its collection unaffordable for geographically dispersed samples. 

Second, with large multi-outcome studies (e.g., PHDCN, LA FANS, HRS) the appropriate spatial 

scale and definition of risk might vary by outcome, meaning measures of theoretically relevant 

measures must be adaptable across spatial scales. 
 
Computer Assisted Neighborhood Visual Assessment System 

Despite the promise of collecting data on neighborhood exposures to assess the influence of 

neighborhood conditions on individuals, such data is unaffordable for studies with 

geographically dispersed respondents. To overcome this problem, our research group 

developed the Computer Assisted Neighborhood Visual Assessment System (CANVAS) that 

uses Google’s Street View product with standard neighborhood assessment instruments to 

collect data on a national sample of streets. We successfully piloted prototypes and found 

relatively high inter-rater agreement and inter-source agreement with in-person raters for many 

(not all) theoretically relevant items.7 We will make this technology available so that it can be 

incorporated into existing studies easily. 
 
Spatially Adaptable Measurement Methods 

Research on spatial exposures focuses on two improvements: developing theoretically relevant 

measures and defining neighborhoods with appropriate boundaries and spatial scales. I 

demonstrate that researchers can combine the geostatistical method of kriging with the 

ecometric framework of neighborhood measurement to develop city-block level estimates of 

theoretically nuanced measures configurable into spatially meaningful units (e.g., t-communities, 

ego-centric neighborhoods, etc.).8 Using kriging also opens opportunities to apply spatial 

samples of physical environments to improve coverage of exposures in non-residential locations, 

and with CANVAS methods described above, apply contextual analysis to large, geographically 

dispersed samples. 
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